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WELFARE ATTITUDES AND RACE: 
A STUDY ON GROUP DYNAMICS AND SUPPORT FOR THE AMERICAN 
WELFARE STATE 
 
REBEKAH PAXTON 
ABSTRACT 
 
In Martin Gilens’ book, Why Americans Hate Welfare, he argues that public 
opinion for welfare programs varies based on the public’s perception of who the 
poor are and why they are poor—expressing public opinion’s differing affinity 
for the “deserving” and the “undeserving.” Existing literature on Americans’ 
support for welfare programs suggests many possible reasons for this underlying 
sentiment about welfare recipients, primarily racial divides, gender differences, 
regional divides, and anti-state sentiments. This study attempts to determine 
which of these factors is strongest in determining how many Americans 
determine their beliefs about how is most deserving of certain types of welfare 
supports. By using a survey design paired with a conjoint experiment, this study 
seeks to capture the effect of the survey participant’s demographic characteristics 
and perceptions of certain economic and social issues surrounding the welfare 
debate, as well as how the respondent differentiates between sets of individuals 
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when deciding who should be supported by various types of welfare programs. 
Based on this research design, I hypothesize that race is the strongest 
determinant of a participant’s perception of welfare deservingness, and that 
deservingness of welfare support is perceived to be higher when the participant 
has similar personal characteristics to the individual in question. Through this 
analysis, I do not find evidence to support Gilens’ and others’ claims that race is 
a dominant factor in how individuals determine who is deserving of welfare 
assistance and general support for welfare policies. 
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I. Introduction 
As Americans, we often pride ourselves on a society founded on the 
principles of life, liberty and the pursuit of happiness. After all, those who 
founded this nation left their home countries fleeing persecution, and translated 
their fresh start into a theoretically free and equal opportunity for growth and 
success in a new land. However, in 2017, as the issue of income inequality is 
arguably at its peak, can we say that our welfare state in America reflects the 
societal values of enabling equal opportunity to the rights of life, liberty, and the 
pursuit of happiness. Much of the literature on welfare development in the 
United States argues that Americans are generally unhappy with this rising 
trend, but have deeply entrenched views of who the poor are and are less willing 
to support programs that help out these people due to such group perceptions. 
But what drives these beliefs about who the poor are? 
 A significant portion of the literature on public opinion suggests that 
specifically, racial and ethnic group divisions are significant in explaining why 
the general American public does not tend to support welfare policies that 
significantly increase government assistance to those that qualify. In 1999, Martin 
Gilens published a book entitled Why Americans Hate Welfare, in which he 
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discussed that primary motivations behind the lack of support for such 
government assistance programs lie behind perceptions that those receiving 
welfare benefits do not deserve them, and that ‘welfare deservingness’ is 
determined by individuals through the lens of the race of those who receive 
government assistance of this kind. Gilens’ work was highly significant at the 
time due to his survey of public opinion and strong findings supporting his 
argument about attitudes toward racial minority groups and the American 
welfare system. 
 Based on this point in the literature, I conduct a study that surveys public 
opinion in a novel way which attempts to contribute to the discussion of 
perceptions of racial minority groups in conjunction with support for welfare 
policy, which also analyses this effect relative to other group dynamic factors, 
including group demographics of welfare recipients as well as characteristics and 
political attitudes of survey participants. In doing so, I ask: what are the group 
dynamics that determine opposition to welfare policy in the United States? Is 
race in fact a predominant determinant? Do different group dynamics affect 
opinion toward various types of welfare assistance programs differently? These 
questions have important implications for policymaking in today’s political 
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climate, in terms of how politicians frame new bills to amend or supplement 
current welfare programs.  
To do this, I employed a survey paired with a conjoint experiment to test 
the effects of such variables in a completely new way from Gilens’ or other 
studies on this subject. This method of research looks to evaluate the claims 
about race in this issue area while using contemporary data on public opinion 
and increased randomization techniques to increase the validity of analysis on 
this topic. Survey participants were faced with pairs of profiles of hypothetical 
welfare recipients, and were instructed to choose the one they would support for 
the specific type of assistance each profile listed. Participants also answered 
questions on their own demographic characteristics, as well as factual political 
questions and opinion questions about current political issues. This survey 
attempted to cover a range of group dynamics that could possibly affect how 
individuals viewed welfare assistance recipients, including demographics of the 
recipient, but also various characteristics pertaining to the participant. This work 
attempts to build on the knowledge provided by the existing literature, by 
applying the up-and-coming conjoint analysis method to provide a new level of 
depth to research in this issue area. 
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 Through this analysis, I do not find evidence to support Gilens’ and 
others’ claims that race is a dominant factor in how individuals determine who is 
deserving of welfare assistance and general support for welfare policies. In fact, 
for the overall sample, participants were generally more likely to choose profiles 
of welfare recipients who were identified as ‘Black or African American’ and 
‘Native American’ than profiles listed as ‘White or Caucasian’. When breaking 
the sample into cohorts designated by racial or ethnic group, there are some 
effects of race, in that those participants identifying as a particular racial or ethnic 
minority tend to support non-white recipients more often than white recipients. 
However, I also analyzed other participant-level factors that seem to complicate 
the effects of race on perceived welfare deservingness and support for welfare, 
and I show through my analysis that race cannot be confirmed as a dominant 
factor according to the results of this sample. 
Through this study, I hope to contribute to the vast existing literature on 
public opinion of welfare policy in the United States. While many political 
scientists and political psychologists propose differing explanations for the 
complicated issue of public opinion on U.S. welfare spending, I hope that this 
study will provide more insight into the comparison of these potential 
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explanations and give context to just how strong certain variables are in 
explaining why people support welfare for some groups over others, if in fact 
they use group dynamics at all as cues for support. More specifically, I hope to 
determine if, when stripped of potential biases that come from traditional survey 
analysis, race still emerges as a predominant factor in individuals’ assessment of 
welfare deservingness. Understanding public support for welfare policies and 
welfare systems in the U.S. and in other nations is important for the future of 
eliminating income inequality. If societies and states can understand how their 
citizens perceive existing welfare policies and how they decide to support them, 
lawmakers and politicians can more aptly understand how to craft policies that 
everyone can get behind. 
 
II. Literature Review 
 Gosta Esping-Andersen developed a foundational framework for thinking 
about many nations’ welfare support systems. In Three Worlds of Welfare 
Capitalism he defines the welfare state as an institution involving state 
responsibility for securing a basic level of economic security for its citizens, to 
increase their standard of living and individual well-being, and categorizes 
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different countries’ welfare states into various “welfare regimes.” Such regimes 
group countries’ social supports based on how much they decommodify 
individuals within the market, occurs when individuals have access to basic 
services as rights, not as entitlements due to their value and inputs into the 
nation’s economy and markets (Esping-Andersen 1990). That is, Esping-
Andersen insinuates that the way a welfare regime is structured affects how 
beneficiaries of such programs are viewed by non-beneficiaries. This view of 
comparative welfare states lays the groundwork for understanding that support 
for welfare programs in such countries maybe contingent upon group dynamics 
and tensions surrounding those who receive support from the welfare state and 
those who do not.  
What affects how Americans form attitudes about welfare programs? 
Firstly, society’s high regard for economic individualism and self-made success 
also contribute to values of strong work ethic (Hasenfeld and Rafferty 1989), and 
confers the idea that personal traits will lead an individual to improve his or her 
wellbeing. These ideas intensely commodify the individual as an input into the 
economic market, which produces utility for his or her own life, but also 
produces outputs for the economy and society as a whole, namely in the form of 
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sustaining his or herself so that the state does not have to. Thinking along these 
lines causes public opinion to perceive those who are not economically self-
sufficient and successful as failing in some way. An example of this thought 
process can be found in Leslie McCall’s study of Americans’ social policy 
preferences in spite of the obstacle of rising inequality in the nation. She finds 
that based on analysis of public opinion data, Americans view hard work as 
crucial to “making it” and “getting ahead” in economic well-being. She argues, 
and her data reflects, that although Americans are largely dissatisfied with the 
crisis of income and social inequality in the US, there still is a lack of desire for 
redistributive government action. She finds that most Americans do not prefer 
the idea that there should be an equality of outcomes, and so often support 
supply-side policies so that workers can improve their status through skills 
development (McCall and Kenworthy 2009). Based on this concept, Van 
Oorschot’s study of public support for welfare policy delineates five criteria 
which contribute to the public’s perception of a group’s “deservingness” of social 
responsibility for welfare. He argues, consistent with the findings listed above, 
that the public most favorably supports old people, the sick and disabled, needy 
families with children, and the unemployed. The group least supported by the 
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public was those on social assistance (means-tested) programs (Van Oorschot 
2000). Bullock finds that “judgments of the poor” are formed and acted upon 
based on the ideology of individualism and meritocracy, and that although many 
Americans are not content with rising economic inequality, they may accept it 
because of their beliefs on who the poor actually are, creating perceptive 
distinction between the “deserving” and “undeserving” poor (Bullock 2006). 
Furthermore, Hasenfeld and Rafferty find that from 1935 to 1975, approximately 
70 percent of Americans did in fact support the responsibility of the government 
to provide for the needy and unemployed, but pledged support for the 
“deserving needy,” and the “undeserving” “welfare recipients” were not 
supported (Hasenfeld and Rafferty 1989).Based on these studies, there is an 
empirical basis to argue that American political culture and public opinion 
toward welfare policy is hinged on a concept of who deserves government 
assistance and who does not. The concept of welfare deservingness as a criteria 
for an individual to support U.S. welfare policies then requires an understanding 
of how Americans truly categorize others, who may be very far removed from 
their own sphere of life. 
 
 
9 
 
 To determine how Americans think about welfare deservingness requires 
an understanding of group dynamics, and how different types of groups in the 
United States may play into individual support for government assistance 
through welfare policies. Kinder and Kam build on the idea of group dynamics 
by positing that the societal values put forth by a particular welfare state have 
the potential to form groups that naturally develop “us versus them” ideologies, 
which put welfare “haves” and welfare “have-nots” at odds with each other in 
the political arena (Kinder and Kam 2011). Additionally, the combined effects of 
individualistic values and in-group versus out-group dynamics are important for 
understanding how perceptions of welfare recipients vary across the American 
public. Ross finds that an ingroup sees its own economic and societal failings as 
due to exogenous factors, however blames outgroup failings on personal lack of 
effort, lack of solidarity, or lack of intelligence, for example (Ross 1977). This 
builds on the previous discussion on economic individualism, implying that the 
public surely holds outgroups, in this case marginalized groups and recipients of 
welfare, accountable to this “American” ideology, yet they hold it not so strictly 
to themselves as part of a perceived ingroup of contributors to society. In his 
1996 study, Harper affirms this implication, and states even more overtly that 
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those who hold high levels of power in a society (i.e. a dominant ingroup as 
previously referred to throughout this paper) are more likely to attribute poverty 
to factors such as laziness, and this group is more likely to see poverty as 
inevitable, thus legitimizing the idea that social and economic inequality is also 
inevitable and acceptable (Harper 1996). In sum, many political psychology 
studies on this topic have determined that the nature of the United States’ system 
of marginal supports and means-tested welfare programs inherently creates 
group dynamics which cause many who do not receive welfare supports to 
characterize those who do receive welfare supports as an outgroup, and 
perceptions of this outgroup may have implications for the public’s general 
feelings of support for American welfare programs. Additionally, the effects of 
self-interest values and welfare state support values in individuals show that 
“public” attitudes must be categorized into groups based on other correlated 
factors such as income, class, and gender; such groups will have distinguishing 
features concerning economic interests, broad political ideologies, and ideas 
about support for the welfare state (Hasenfeld and Rafferty 1989). 
Under this argument that group dynamics are an important factor in the 
determination of ‘welfare deservingness’ for those intended to benefit from 
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various welfare policy, it follows that attitudes about groups formed around 
racial and ethnic ties may have a particularly pervasive effect on public opinion 
on welfare policy in the United States (Mink and O'Connor 2004). Combined 
with the already existing “us versus them” mentality that many Americans hold 
in reference to welfare beneficiaries, misconceptions and misrepresentations of 
racial minorities that are included in the group of welfare recipients may explain 
this anti-welfare phenomenon in public opinion. Martin Gilens’ book, Why 
Americans Hate Welfare, propels the debate about varying public opinion on 
welfare programs in the U.S. with an explanation that identifies race as an 
indicator for how some Americans determine the “deserving” versus the 
“undeserving poor”. He posits that negative feelings and lack of support for 
American welfare expansion proposals come from negative racial attitudes. Not 
only do ingroup white Americans tend to overestimate the number of black 
Americans utilizing welfare programs, black recipients of welfare transfers also 
tend to be categorized as part of the “undeserving poor” category, and 
stereotyped for being lazy, non-productive, and not successful (Gilens 1999).  
There is significant support for this ‘race effect’ on welfare support in 
American public opinion. Henry et al. finds that the impact of particularly anti-
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black attitudes directly affects public opinion on welfare, primarily because of 
the idea that responsibility falls on the individual for his or her own success 
(Henry, Reyna and Weiner 2004). Thus, racist attitudes that disproportion the 
number of racial minorities’ group members that benefit from welfare contribute 
to a stereotype that black people specifically are lazy and not deserving of social 
assistance, which this study finds to be the strongest motivator for diminished 
white support for welfare programs in the United States. Further, Soss, Schram 
Vartanian, and O’Brien finds a wide empirical gap between those supporting 
benefits which aid mothers on welfare, a gap which is particularly widened 
when accounting for race of mothers in question. The authors found a 30 
percentage point difference in opposition to welfare spending for mothers in 
poverty between the most extreme racist whites and those who had the most 
empathy or support for black welfare mothers. This spread was cut in half when 
respondents were specifically asked questions about support for such policies for 
white mothers needing welfare assistance (Soss, et al. 2001). These very poignant 
and significant attitudes deeply rooted in American culture provide the basis for 
a correlation between racist preferences and support for welfare programs. 
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Hasenfeld and Rafferty report that most non-whites, regardless of 
socioeconomic status, maintain a liberal, pro-welfare political stance, which 
differs from white public opinion which generally stratifies based on income and 
class. In addition, race tends to be a stronger indicator of support for means-
tested programs, instead of social insurance-contribution based programs, as 
whites are generally more in favor of the latter since they promote this idea of 
economic individualism through lifelong inputs to gain some welfare outputs 
later (Hasenfeld and Rafferty 1989). On the contrary, Epstein’s study of national 
polling data reveals that denial of personal discrimination may account for 
discrepancies in marginal lack of support for welfare programs by those who 
could benefit from them. The study concludes that a significant number of 
individuals not only dis-identify as potentially needing welfare protections, but 
also distance themselves from stigmatized social groups because of correlated 
negative welfare attitudes. Thus, stigma against welfare beneficiaries, leading to 
denial of personal discrimination, can correlate with decreasing or minimal 
solidarity within societal groups, and especially across the American public, a 
problem often discussed in comparative studies of welfare regimes. According to 
Epstein, some of the poorest respondents placed importance on personal 
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responsibility, limited welfare transfers, and even expressed “hostility toward 
welfare recipients” (Epstein 2004). There are mixed theories on how members of 
racial groups view welfare state programs, however, the effect of stigma and the 
underlying themes of attitudes toward welfare directly inform these potential 
explanations in different ways. 
The literature on welfare states, both comparative and relative to the 
United States, includes theoretical explanations from political economy and 
political psychology studies. By combining theories on welfare state formation 
and the values it projects within societies, intergroup theory, and studies on race 
politics and public opinion in America, there is a framework for understanding 
how particularly attitudes toward racial minorities and racial diversity in 
America may explain why attitudes toward welfare vary across national public 
opinion and on the political stage. 
I diverge from the existing literature to determine how perceptions of 
racial and ethnic groups interact with American public opinion and support for 
different types of welfare policy by employing a conjoint experiment research 
model. This research method has risen in popularity among studies on public 
opinion and individual attitudes because of its natural ability to use 
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randomization to identify inherent biases within participants without necessarily 
priming them to think about race, or any other type of demographic group. 
Other forms of research in the area of public opinion often ask survey samples 
questions about race or issues of interest, often leading to preference falsification 
by survey respondents and results that are skewed by social desirability bias. In 
this study, I use the conjoint experiment system to attempt to replicate the results 
of the existing literature on race and welfare attitudes, and contribute a 
convincing argument based on results which are less susceptible to human bias 
and get at the true nature of individual motivations to support welfare policy in 
the United States. 
III. Research Questions  
 There is an extensive literature on welfare systems, group dynamics, and 
public opinion. Many have conducted studies about public opinion on American 
welfare and how welfare recipients are viewed in a variety of contexts. However, 
the literature summarized above does not provide a comparison of the many 
factors that can affect how the public views welfare recipients, and in turn, how 
the public views the welfare system in the United States. While many studies 
posit why different social divides and group dynamics may explain opposition 
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to welfare policies in the American context, they do not necessarily test the 
magnitude of different effects against each other. Based on the foundation that 
the current literature provides, in my study I seek to determine which of the 
many group factors determines opposition to welfare policy by many Americans. 
I come away from this literature review with this research question: what are the 
in-groups and out-groups that determine opposition to welfare policy in the 
U.S.? Amidst public opinion are many different social divides, including racial 
tensions, gender differences, regional divides, anti-government cohorts, anti-
poor attitudes, and ideological splits; which of these poses the strongest threat to 
attitudes toward welfare programs? Do group dynamics affect public opinion 
toward the many types of welfare policies differently? 
 In order to test these research questions and contribute a meaningful 
addition to the extensive body of literature on this topic, I seek to study the 
validity of the following hypotheses. 
H1: Participants on average will be less likely to support welfare policies 
when they believe they are benefiting racial minorities. 
 
This first hypothesis gets at the heart of the main research question of this study. 
Here, I posit that out of the many possible group dynamics in America that could 
affect public opinion surrounding welfare policy, racialized attitudes about who 
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the poor are and who welfare beneficiaries cause many individuals to oppose 
certain types of welfare supports. If this hypothesis is true, survey respondents 
will be more likely to support policies that benefit white individuals more often 
than those belonging to racial minority groups. If this is not true, race will not 
have a larger effect on support for welfare policies than other characteristics of 
potential welfare beneficiaries. 
 
H2: Participants will be more likely to support welfare policies when they 
benefit members of their own racial/ethnic group versus those not of their 
ingroup. 
 
This second hypothesis looks specifically at the potential in-group versus out-
group effect that many studies in the literature have explained as potential 
factors in determining whether individuals support welfare policies or not. This 
gets at the idea that welfare deservingness is viewed positively between 
members of the same racial or ethnic group, and negatively for those not in the 
same group. If this hypothesis is confirmed, data would show that individuals 
support policies that benefit those belonging to the same demographic groups. 
For example, among racial groups, individuals will support policies that help 
beneficiaries belonging to the same race.  
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IV. Methodology 
 In order to test these hypotheses, I conducted a survey and conjoint 
experiment disseminated through Amazon’s Mechanical Turk Human 
Intelligence Task platform. Conjoint experiments are a special type of survey 
experiment which seeks to determine the comparative effects of multiple 
variables and evaluate causal hypotheses simultaneously (Hainmueller, Hopkins 
and Yamamoto 2013). This allowed me to directly measure public opinion about 
an array of issues related to race and welfare, as well as witness decisions made 
by respondents that are reflections of their attitudes toward such issues. The 
survey combined a set of questions allowing for the analysis of self-reported 
characteristics and attitudes, and also contained a conjoint experiment to 
measure more subconscious attitudes that individuals may not know or prefer to 
reveal consciously. While a survey on issues pertaining to racial tensions and 
poverty in the United States may be subject to some preference falsification, the 
nature of the conjoint experiment portion of the survey is designed to capture the 
true attitudes and motivations of individuals who participate in the survey by 
balancing their demographic characteristics with measures of their attitudes 
toward issues surrounding welfare and specific welfare recipients. In all, this 
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survey is aimed to reach a nationally representative sample of respondents for 
the United States, and gauge public opinion on the issue of welfare and 
deservingness with respect to race, as well as asking other related current events 
and demographics questions to provide context for received responses. 
To disseminate the survey and included conjoint experiment, I employed 
the use of Qualtrics survey-building software, and as previously mentioned, 
advertised and distributed the survey nationally through Amazon’s Mechanical 
Turk platform. The intent of the conjoint experiment questions was to gauge 
participants’ implicit biases to different profiles of candidates for welfare 
support, as well as their general knowledge and feelings about issues related to 
welfare policy and current events through more straightforward survey 
questions. 
 
A. Introductory Questions 
 In order to gain some insight into the political knowledge of each 
participant, the survey started with five introductory questions. The first two 
were generic political science survey questions, pertaining to the participant’s 
frequency and medium of consumption of political news. The remaining three 
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introductory questions were used to create a political knowledge index for each 
participant. These questions asked respondents to correctly answer three factual 
questions (for details, see Appendix section 1.1), and the knowledge index was 
coded based on the number of these questions that each participant got correct 
(‘0’ being the lowest possible number, and ‘3’ being the highest).  
 
B. Conjoint Experiment 
 The main analysis on racial/ethnic group dynamics in this study comes 
from the conjoint survey experiment to test which of various attributes of an 
individual have the strongest effect on the respondent, when asked to determine 
which individual should be of highest priority when deciding on welfare policies 
to enact. This method of experimentation and analysis allowed me to test how 
different personal and demographic characteristics of hypothetical welfare 
recipients influence respondents’ decisions over who should be prioritized for 
government assistance, all at once without giving away to the participant which 
characteristics I am particularly interested in. This feature minimizes 
participant’s ability to choose answers that he or she believes are socially 
‘desirable’ or ‘correct’. The information can also be analyzed in context of the 
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other questions concerning the demographics of the survey respondents 
themselves.  
 In this particular experiment, the survey generated a series of randomly 
varied welfare candidate ‘profiles’ that the respondent had to choose between. I 
used a conjoint Survey Design Tool developed by Strezhnev, Hainmueller, 
Hopkins, and Yamamoto (2014) to enter my own features and attributes to be 
generated by the survey. While much of the literature involves studying direct 
perceptions of welfare deservingness, I attempted to avoid directly asking: “Who 
do you think is more deserving of welfare?” This question implies a rather 
negative connotation, and may have clued respondents in to the motivations of 
the study. Such implications may lead to bias, which would reasonably affect the 
magnitude and relative results of how each variable could affect perceptions of 
welfare recipients. To minimize this problem, I framed the question as a more 
ambiguous one to limit what respondents could assume about the ‘desired 
outcome’ of the study. Thus, I framed the experiment activity with the following 
prompt: 
“The government often has to make hard tradeoffs and can fund 
a limited number of programs. Given this reality, if the 
government could only prioritize a program which would help 
one of the following two citizens, which would you like to see it 
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prioritize: The program that helps Person A or the program that 
helps Person B?” 
 
While this question does not appear to outwardly measure how survey 
respondents parse through which candidates are more or less deserving of 
government supports, it gets at the more implicit biases that respondents might 
have, and by varying the profiles that respondents see across observations and 
across each individual survey, the intent was to find more significant, accurate 
predictions of how individuals make such ‘deservingness’ decisions. In addition 
to varying the profiles that each respondent sees, each person participating in the 
survey saw five pairs of profiles—equating to a replication of the experiment 
activity five times with different randomly generated profiles. 
 The profiles featured a Person A and Person B, who are both potentially in 
need of government support (which the respondent determined through the 
completion of this activity—making whether or not a profile was chosen the 
dependent variable of this experiment). Characteristics of each person were 
randomly varied and profiles will be generated, to include: age, gender, marital 
status, race, location of residence, circumstance for needing welfare, and the type 
of support they are seeking. The range of supports presented in this variable 
ranged from general income supports like unemployment insurance, the earned 
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income tax credit, and Temporary Assistance for Needy Families (TANF) to 
more controversial forms of welfare supports, including food stamps (SNAP), 
Medicaid and housing vouchers. Table 1 shows what a typical randomly 
generated set of profiles looked like to real-time respondents. 
Table 1. Example of set of welfare candidate profiles seen by respondents in the second 
part of the survey. 
 Person A Person B 
Age 25 years old 45 years old 
Gender Female Male 
Marital Status Married, but separated Single 
Race/ethnicity White/Caucasian 
Black/African 
American 
Location of residence Massachusetts Texas 
Circumstance 
surrounding need for 
welfare assistance 
Requires assistance for 
young children 
Unemployed for 1 year 
Type of assistance 
desired 
Food stamps Housing voucher 
 
Requiring each survey participant to complete this decision activity five times 
each increased the raw number of observations for this portion of the data 
analysis and also provided multiple observations per participant, which allows 
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for closer inspection of how respondent characteristics may affect different 
answers within the experiment portion of the survey.  
To draw conclusions about the factors affecting how participants made 
their decisions in the experiment, I measured the average marginal component 
effect of each recipient characteristic, which provides a measure of how strong 
the effects of different welfare recipient characteristics are compared to each 
other—by calculating the probability that a profile would be chosen if it 
contained each particular value of the seven independent profile variables. This 
measure can be calculated due to the randomization and large set of observations 
generated by the conjoint experiment. The application that puts out each ‘profile’ 
that a participant sees randomly generates the characteristics of the profile each 
time. Because the participant must choose between two profiles, and repeat this 
activity for a total of five iterations, the application shows each attribute of the 
profile variables thousands of times, and the participant must choose essentially 
between ten different randomly generated profiles. This not only allows for a 
very large set of observations (in the form of five chosen profiles per survey 
participant) but it also means that such observations come from a completely 
random sample of profiles. Thus, I was able to create a dataset from the 
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responses to the survey, with an indicator variable identifying whether each 
profile a participant saw was chosen (coded as 1) or not chosen (coded as 0). 
Each response also had indicator variables reflecting whether each value of the 
profile variables as exemplified in Table 1 was listed in corresponding profiles 
seen in each activity by the survey participants. The average marginal 
component effect (AMCE) of each attribute of the profile variables is then 
calculated by running a logistic regression for the indicator variable of whether 
each randomly generated variable was chosen or not on indicator variables 
reflecting whether or not the corresponding profile contained each individual 
value of the profile variables, a method used in by Hainmueller et al. 
(Hainmueller, Hopkins and Yamamoto 2013). For example, if I am estimating 
AMCE for candidate age, I can run the following regression (borrowed from 
Hainmueller): 
(𝑖)     "𝑐ℎ𝑜𝑠𝑒𝑛" =  𝛽0 + 𝛽1(𝑎𝑔𝑒1 = 25) +  𝛽2(𝑎𝑔𝑒2 = 35) + 𝛽3(𝑎𝑔𝑒3 = 45) +
𝛽4(𝑎𝑔𝑒4 = 55) + ⋯ +  𝜀  
 
These resulting coefficients for all variable estimates can be then be calculated 
into probabilities, or marginal effects, of each value of each profile variable 
causing a participant to choose a profile containing that value, using STATA’s 
‘margins’ command. Once the probabilities are calculated, they can then be 
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compared to show the effect of each profile value, or characteristic, on 
participant’s choice for welfare support, relative to other characteristics. After 
calculating these specific experiment level effects, I can also conduct analysis 
based on the reported demographic characteristics of each respondent and other 
survey questions to determine if pre-existing conditions affect choice for welfare 
support. These analyses will contribute to the support or rejection of hypotheses 
1 & 2, by determining the factors that most strongly affect perceptions of the 
welfare candidates and supporting such individuals. 
C. Feeling Thermometers 
 The next portion of the survey served as an attempt to further deepen the 
understanding of each respondent’s belief system by asking several issue-specific 
questions that can further determine the pre-survey conditions that affect how 
respondents assess welfare programs and their beneficiaries. Topics included 
personal feelings about racism and income inequality in America, as well as 
feelings about representation in the government and preferences for the role of 
the federal government (for details, see Appendix section 1.1). Each question 
asks for a measure on a scale from 0 to 100, with the intention of allowing 
respondents to be as specific as possible and to result in a diverse set of 
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observations. These questions more specifically asked respondents about the 
issues related to those confronted in this research, however because of their 
placement after the experiment portion, I was less concerned about bias and 
skewing the results of the study. 
 
D. Demographics 
 To develop context for each survey respondent’s answers, the final part of 
this survey asked for self-reported demographic characteristics of each 
respondent. These are important pieces of information that draw links between 
pre-survey conditions on the actual outcomes of the experiment that occurs 
within the survey. The answers collected in this part of the survey included: 
participant’s gender, marital status, race/ethnicity, income, education level, party 
affiliation, ideology, and zip code.  
 I collected self-reported gender data with the options of choosing ‘male,’ 
‘female,’ or ‘other’ in order to simplify the analysis of the effects of gender on the 
rest of the survey answers. Along the same lines, I collected information on 
marital status to determine whether a respondent views the issue of welfare 
supports differently because of this effect. For example, a single mother taking 
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this survey may have different life experiences that prompt her to respond to the 
survey and the idea of welfare policies differently than a married mother or 
married father.  
 Race and ethnicity of the participant was also an important variable, 
because much of the literature surrounds itself with how the public looks upon 
welfare recipients who are members of the same race or different races, and the 
second hypothesis proposed in this research is concerned with this same 
question. Thus, knowing the race and ethnicity of each respondent is important 
for making inferences as to how respondents make judgments about their 
attitudes toward poverty, welfare, and who should be helped by welfare policies. 
The categories here are a combination of U.S. Census Bureau options and the 
Office of Management and Budget standards for identifying both race and 
ethnicity. The U.S. Census categories include: ‘White,’ ‘black or African 
American,’ ‘American Indian and Alaska Native,’ ‘Native Hawaiian or Pacific 
Islander,’ and ‘Other’ (Humes, Jones and Ramirez 2011). Because individuals 
tend to see cultural, ethnic, and racial differences as one large bloc of 
characteristics, I feel that this categorization is not quite enough to capture how 
ethnicity may also play into this racial tension in attitudes toward welfare states. 
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Thus, this survey questions allowed respondents to select multiple categories, 
while expanding the options to include ‘Hispanic or Latino,’  which refers to a 
person of Cuban, Mexican, Puerto Rican, South or Central American or other 
Spanish culture or origin regardless of race. While some may have selected this 
option and no other options, those who identify their origin as Hispanic, Latino 
or Spanish may be of any race, and this may affect both how they view welfare 
recipients and policies, and how others may perceive recipients that identify 
themselves in this way. 
 Income and education level are highly correlated but important values to 
take note of when analyzing an individual’s response to various scenarios related 
to welfare policy, due to stratification effects but also solidaristic effects 
sometimes stemming from increased education levels. The survey also recorded 
party affiliation and ideology information to further gain a grasp of where 
certain attitudes may stem from. Both were measured through a branching 
multiple choice question format. For example, the initial prompt asked 
participants: “What political party do you identify yourself with?” to which the 
answers will be strictly ‘Republican,’ ‘Democrat,’ or ‘Neither’. A follow-up 
question then prompted: “how strongly do you feel you identify with this 
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party?” to which the answers will be: ‘strongly’ or ‘moderately’. If the participant 
responded with ‘Neither,’ he or she then faced a question asking: “Do you tend 
to lean toward one political party over another?” to which responses were ‘I lean 
Democrat,’ ‘I lean Republican,’ or ‘I am Independent’. The answers resulting 
from this branched question allowed me to create a party affiliation index. For 
simplicity, to gauge the general trend of different party affiliations with respect 
to the types of profiles each sub group chose, I coded all of the Democratic-
leaning people as 1, representing Democrats. I coded all of the Republican-
leaning people as 3, representing Republicans, and all of those answering 
‘Independent’ as 2. I also asked participants about general political ideology in 
order to deepen the understanding of each respondent’s strength of ideology and 
party alignment. Because categorizing oneself into a party can be a problematic 
way to determine the political beliefs of any given individual, this second 
question helps ground the analysis of responses by providing more concrete 
bases for individual’s political beliefs. This question was similarly structured to 
the party affiliation question, where a primary question prompted all 
participants: “How do you identify in terms of political ideology?” and give the 
answer choices of ‘Conservative’, ‘Liberal’, and ‘Neither’. If the respondent chose 
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Conservative or Liberal, a second prompt added: “how strongly do you identify 
with this political ideology”, to which the answers to choose from included 
‘strongly,’ ‘moderately’, or ‘weakly.’ Again, the answers were coded to create a 
simple index of political ideology, so all who identified as ‘Liberal,’ whether 
strong, moderate or weak, were coded as 1. All who identified as ‘Conservative, 
whether strong, moderate or weak, were coded as 3. Those who answered the 
first prompt as ‘Moderate’ were coded as 2. 
 Finally, this demographics portion of the survey had the respondent 
report a zip code of their place of residence.  
 
V. The Data  
 To summarize the above methods section, the responses to my survey 
design created a data file which can be categorized in two parts. First in terms of 
the characteristics of the respondent, demographic information as well as 
answers to questions about relevant political issues and individual feelings give 
context to the person taking the survey and insight into the decision-making 
processes in the conjoint experiment. Second, the answers to each of the five 
conjoint experiment activities, including the profiles that participants selected in 
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support for welfare assistance, contained information about the variables that 
had the most effect on how participants chose between each set of randomly 
generated profiles. The resulting analysis places each ‘choice’ between profiles A 
and B as the dependent variable and unit of observation, which is linked to the 
independent variable attributes that each selected profile contained. The many 
independent variables include:  
 
For the respondent…  income, education, gender, marital 
status, party affiliation, political 
ideology, location, and feelings about 
specified issues 
 
 
For the hypothetical candidate 
profiles… 
candidate age, gender, race, marital 
status, location, cause of need for 
welfare, welfare policy desired 
 
 
The body of data itself comes from the use of Amazon’s Mechanical Turk 
platform to recruit a national sample of participants. There has been a rise in use 
of Mechanical Turk as a platform for recruiting survey participants in social 
science research and survey experiments like the one employed in this study. 
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While there have been some documented limitations of mTurk as a resource for 
recruitment, studies have also shown that such a sample can also be beneficial to 
this type of experiment, as in the conjoint method used here. Limitations of the 
platform include threats to internal and external validity based on the types of 
individuals who tend to be more likely to participate in mTurk survey activities. 
Prior work on the properties of mTurk samples shows that these samples are 
oftentimes more representative of the U.S. population than other samples, 
including those gained from in-person interviews or individually recruited 
participants by the researcher. In addition, the case of habitual responders 
identified as a potential problem due to the nature of mTurk seems to not affect 
inferences made based on data collected through participants from this platform 
(Berinsky, Huber, and Lenz 2012). Berinsky et. Al. identify that potential biases 
may arise due to the slight skew of mTurk samples toward younger, 
ideologically liberal participants. I attempted to counteract this trend by using 
mTurk’s ‘batch’ feature, which allowed me to send out small batches of survey 
activities specifically to certain subgroups that I believed might be 
underrepresented in my sample. I used the platform for this project because of 
mTurk’s relatively inexpensive and instantaneous way of recruiting participants 
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from across the United States, as well as the easy ability to include members of 
certain demographic subgroups that may be underrepresented. Success using the 
conjoint experiment model is only possible when as close as possible to perfect 
randomization can occur, necessarily requiring a large enough data set that the 
conjoint application I used could adequately put out a sample of profiles that are 
equally distributed among the independent variables specified in this study. 
Additionally, a large sample is required to randomize independent variables 
pertaining to the demographic characteristics of the participants; i.e. their 
political and ideological affiliation, race/ethnicity, gender, socio-economic status, 
to name a few. It is important that there is a large enough population of each of 
the subgroups defined by these parameters in order to test the effects of these 
variables on participants’ choice between profiles of potential welfare 
beneficiaries. Thus, this specific experiment is more convincing and effective 
when paired with a large sample, and using mTurk to gain almost 1,000 
participants was beneficial in allowing me to gain a vast set of observations and 
data in very little time and at relatively low cost. Appendix section 1.2 contains 
more specific details about the mTurk recruitment process utilized in this study 
and some sample characteristics. 
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VI. Findings 
Using the mTurk recruitment platform, the survey garnered 992 
participants who completed the Qualtrics survey on current events concerning 
welfare and inequality issues in America, and who participated in the conjoint 
survey experiment. The following Table 2 represents the demographic 
breakdown of the sample. Use of the mTurk platform has been criticized for 
resulting in biased samples based on its propensity to be utilized by young, 
liberal, relatively highly educated survey respondents, which may have 
significant effects on the results seen in the sample data. To combat this and to 
attempt to maintain a balance among all demographic groups, in addition to 
advertising the survey in batches to all qualified mTurk workers, I specifically 
targeted some batches to older individuals (specifically, those over the age of 55), 
Republicans, and those with lower levels of income. A comparison of the sample 
from this survey to other types of samples is listed in Section 1.2 of the 
Appendix. 
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Table 2. Variable 
Percent of 
Population 
Gender Male 54.95% 
 Female 44.95% 
 Other 0.1% 
Marital status Currently married 40.84% 
 Divorced 9.37% 
 Never married 46.74% 
 Separated 1.73% 
 Widowed 1.32% 
Has children Yes 43.67% 
 No 56.33% 
Race/ethnicity1 American Indian/Alaskan Native 1.31% 
 Black/African American 7.16% 
 Hispanic/Latinx 6.65% 
 Native Hawaiian/Pacific Islander 1.31% 
 White/Caucasian 82.56% 
Race, 
simplified 
White 78.21% 
 Nonwhite 21.79% 
Income level $0-$19,999 15.89% 
                                                          
1 Percentages relate to the number of respondents identifying, at least in part, with a particular 
subgroup. Because the survey allowed participants to select more than one, as race and ethnicity 
are not mutually exclusive, these percentages add up to a total greater than 100. To simplify this 
in my analysis, I created a simpler variable, White versus Non-white, to account for this 
complexity. 
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 $20,000-$39,999 27.39% 
 $40,000-$59,999 24.24% 
 $60,000-$99,000 22.51% 
 $100,000-$149,999 6.82% 
  $150,000 3.16% 
Education level Did not graduate high school 0.31% 
 High school graduate or equivalent 12.03% 
 Some college, no degree 25.18% 
 Associate degree 12.44% 
 Bachelor’s degree 39.55% 
 Post-graduate work or degrees 10.50% 
Party 
identification 
Republican 29.56% 
 Democrat 40.57% 
 Neither 29.87% 
Political 
affiliation 
Conservative 34.98% 
 Liberal 45.16% 
 Moderate 18.75% 
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The first hypothesis presented in this study identified that race and 
ethnicity would be the feature of a hypothetical welfare beneficiary that most 
strongly affected a respondents’ decision to choose to support one person over 
another. In other words, among other identified features of a profile of a person 
that could potentially be supported by a future welfare program, respondents 
would actively choose against those recipients who identified as non-white 
(Black/African American, Hispanic/Latinx, Native American or Alaskan Native, 
or Hawaiian Native or Pacific Islander). Thus, this hypothesis suggests that the 
average marginal component effect of being “white” on choosing a person to 
support for government assistance should be positive, and that of all other racial 
minorities should be negative. 
In order to test this hypothesis, I broke up each participant’s line-item 
response in the data file as ten separate items, so that each “profile” presented to 
the respondent represented its own line in the data. Because of this, the sample 
size for analysis of this survey experiment was 9,920 observations. Two such 
profiles were shown to the respondent at a time, and he or she had to choose one 
to support for a new government assistance or welfare policy. Thus, a new 
variable was created called “Chosen”—an indicator variable that reflected 
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whether a particular profile, with its randomized attributes, was chosen out of a 
pair by the survey participant. This way, I could find the average marginal 
component effect of each attribute of the profiles seen by respondents, i.e. 
whether or not a person was more likely to choose to support a profile that was 
identified as “white” versus “African American” or “Hispanic”, for example. To 
test my first hypothesis, I ran a simple logistic model regressing the “Chosen” 
variable on all possible feature indicator variables, including those for each 
attribute of age, gender, marital status, race or ethnicity, state of residence, 
assistance desired, and circumstance surrounding the individual’s need for 
assistance. The output coefficients themselves are not particularly intuitive to 
interpret, and do not show the relationship between attributes of different type; 
for example, how different race categories are chosen in comparison with 
different “assistance desired” categories. These estimates tell the amount of 
increase in the predicted log odds of ‘Chosen’ = 1 that would be predicted by a 1 
unit increase in each respective dependent variable, holding all other variables 
constant. Figure 1 shows the relative differences in marginal effect (the average 
marginal component effect described in the Methodology) of each attribute on 
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the probability that a profile would be chosen with that specific attribute in the 
experiment activity.  
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Figure 1. Comparing the Average Marginal Component Effects for Model 1, analyzing 
the entire survey sample.2 
 
  
                                                          
2 All marginal effects plots generated using the ‘coefplot’ package for STATA, developed by Ben 
Jann (2013). 
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Following this, Table 3 presents the results of the logit model in terms of 
probabilities in a standard regression output format. Probabilities are calculated 
through STATA using the ‘margins’ command, which calculates the marginal 
effects of each given variable on whether or not the respective Profile was chosen. 
The first simple model is represented by (1), while models (2) and (3) are broken 
up by respondents’ race, and will be further explained in the results for Hypothesis 
2.  
The probabilities in the ‘race’ category of Table 3 show that in the simple 
regression (Model 1), being ‘white’ is held as the base category. All probabilities 
shown for different race attributes then are in comparison to the probability of a 
survey participant choosing a profile listed as ‘white’. Thus, these results show 
that respondents were 2.5 percent more likely to choose a profile of a candidate 
to be supported by government welfare assistance who is “Black or African 
American” (p-value < 0.1) rather than white. In addition, the sample individuals 
were almost 6 percent more likely to choose a profile identified as “Native 
American” (p-value < 0.01) rather than one who is listed as white. For this initial 
model, the coefficient/probability of choosing a Hispanic or Latinx profile for 
support by government programs is not statistically significant from zero, and 
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thus cannot be interpreted as having an effect on participants’ decisions to select 
candidate profiles. Thus, I conclude there is evidence in favor of the alternative 
hypothesis to this one: that the sample population did not discriminate 
negatively against racial minority groups when choosing hypothetical 
individuals to support through government welfare programs, but rather were 
slightly more likely to choose African Americans and Native Americans than 
white profiles. The data provided through this particular sample do not give 
evidence to support Hypothesis 1. 
In terms of the first model, it also shows some interesting results for the 
type of welfare program that participants tended to support. The base category in 
this portion of the model is generic unemployment insurance, described to 
survey takers as government payments to unemployed workers. All probabilities 
of choosing for or against other types of programs in this study are relative to 
this point. For this model, respondents were seemingly 3.2 percent more likely to 
choose against the earned income tax credit program for the profiles presented to 
them, however this probability just misses the cutoff for being statistically 
significant at 90 percent confidence (this probability has a p-value of 0.102, while 
the cutoff is for a p-value less than 0.100). Thus, it can be said that we can be 80 
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percent confident that this probability of choosing against the EITC program for 
person profiles is statistically different from zero, and in this case, is negative. 
However, this is not under the standard practice guidelines of using 90 percent 
confidence intervals to determine statistical significance, and thus I will not make 
any more assumptions about this figure. Instead, it seems that the effect of this 
and other types of programs should be more closely studied to determine if, with 
another experimental sample, this effect would be more significant. 
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Table 3. Probabilities of each attribute variable, from logit regressions, for the entire 
sample, as well as white versus non-white cohorts. 
  (1) (2) (3) 
VARIABLES for profiles Entire 
Sample 
White Non-
white 
     
Age 25 years -0.268** -0.255** -0.0495 
  (0.106) (0.106) (0.0337) 
 35 years -0.211** -0.202* 0.0221 
  (0.106) (0.106) (0.0342) 
 45 years -0.203* -0.185* -0.00763 
  (0.106) (0.106) (0.0327) 
 55 years -0.185* -0.175* 0.0512 
  (0.106) (0.106) (0.0324) 
 65 years -0.176* 
(0.106) 
-0.152 
(0.106) 
 
     
Assistance 
desired 
EITC -0.028 -0.0494** 0.0470 
  (0.0174) (0.0197) (0.0380) 
 Medicaid 0.054*** 0.0525*** 0.0612* 
  (0.0168) (0.0191) (0.0363) 
 SNAP 0.066*** 0.0576*** 0.0884** 
  (0.0172) (0.0194) (0.0380) 
 Section 8 
voucher 
0.046*** 0.0406** 0.0682* 
  (0.0169) (0.0190) (0.0371) 
 TANF 0.073*** 0.0687*** 0.0940*** 
  (0.0169) (0.0189) (0.0364) 
 (omitted) 
Unemployment 
insurance 
- - - 
     
Circumstance 
surrounding 
need 
Recipient needs 
to take care of 
young children 
0.220*** 0.237*** 0.167*** 
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 (0.0086) (0.00963) (0.0200) 
 
 (omitted) 
Recipient is 
unemployed 
- - - 
     
Gender Female 0.068*** 0.0736*** 0.0486** 
  (0.0096) (0.0109) (0.0211) 
 (omitted) Male - - - 
     
Marital Status Divorced 0.020 0.0206 0.00738 
  (0.0138) (0.0157) (0.0301) 
 Married 0.003 0.00484 -0.00804 
  (0.0138) (0.0156) (0.0298) 
 Separated 0.009 0.00332 0.0174 
  (0.0138) (0.0156) (0.0301) 
 (omitted) Never 
married 
- - - 
     
Race/ethnicity Black/African 
American 
0.025* -0.00110 0.112*** 
 (0.0152) (0.0171) (0.0334) 
 Hispanic/Latinx -0.016 -0.0386** 0.0578* 
  (0.0154) (0.0174) (0.0333) 
 Native 
American 
0.059*** 0.0412** 0.121*** 
  (0.0152) (0.0172) (0.0332) 
 Hawaiian/Pacifi
c Islander 
0.014 0.00108 0.0588* 
 (0.0153) (0.0174) (0.0331) 
 
 (omitted) 
White/Caucasia
n 
- - - 
     
Location of 
residence 
AL -0.024 -0.0227 -0.0316 
  (0.0169) (0.0193) (0.0361) 
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 CA -0.0014 -0.00941 -0.0440 
  (0.0169) (0.0191) (0.0369) 
 IL 0.029* 0.0205 0.0471 
  (0.0168) (0.0190) (0.0361) 
 MA -0.020 -0.0272 -0.0156 
  (0.0167) (0.0188) (0.0364) 
 OR 0.016 0.0219 -0.00763 
  (0.0171) (0.0193) (0.0376) 
 (omitted) TX - - - 
     
 Observations 9,920 7,680 2,140 
Standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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On another note, this model finds that the probabilities of selecting in favor 
of certain types of programs are in fact statistically significant. Table 3 shows that 
on average, respondents were 5.4 percent more likely to support a person for 
government assistance if their profile mentioned Medicaid, 6.6 more likely to 
support a profile mentioning Supplemental Nutrition Assistance Program 
(SNAP), 4.6 percent more likely to support a profile mentioning Section 8 
housing vouchers, and 7.3 percent more likely to support a profile mentioning 
Temporary Assistance for Needy Families (TANF). These probabilities only go so 
far as to suggest that such programs are favored positively over unemployment 
insurance, and potentially over the earned income tax credit (EITC). They do not, 
based on the size of their confidence intervals, seem to be statistically different 
from each other. This is surprising, as the literature suggests that some welfare 
programs may be more race-coded than others. However, this concept may be 
specifically manifest in more labor-related welfare programs within the United 
States, which will be discussed more in depth in the following discussion section. 
The other two models presented in Table 3 (models 2 and 3) all represent 
the same logistic regression as in the simple model (1), however they are 
separated by race, first as white and non-white survey participants. The adjusted 
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probabilities in these two models are summarized in Figure 2. In this case, 
selecting the “white” profile is the base category and the race probabilities listed 
here and in Table 3 are in reference to that metric. The effects of various profile 
attributes expressed by the probabilities in this model will serve to support or 
nullify the second hypothesis of this study: that individuals from different ethnic 
groups will be more likely to select members of their own group, and select 
against members of other groups. So, model 2 regresses the indicator variable for 
‘Chosen’ on all of the conjoint experiment profile attributes, but only looks at 
observations for those respondents identifying only as White or Caucasian. The 
probabilities of the ‘white’ subgroup in the experiment sample are shown in 
Figure 2, denoted by the ‘White’ indicators. This second model shows no 
statistically significant effect for of being white on choosing or not choosing a 
profile identified as African American. It does, however, show that white 
respondents were almost 4 percent less likely to choose a Hispanic or Latinx 
profile versus a profile identified as being white or Caucasian (p-value < 0.05). In 
addition, this model shows that white respondents were also on average more 
likely to choose a Native American profile 4 percent more often over a white 
profile (p-value < 0.05). In this case, the model reveals that white respondents 
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select against Hispanic and Latinx individuals for welfare programs and 
positively select Native American profiles, in comparison to white profiles. If 
Hypothesis 2 were true in the case of model 2, with white respondents being the 
base category of this regression, all of the probabilities of other races randomized 
in the conjoint survey should be negative and statistically significant from zero. 
This is not the case in terms of Model 2, and so Model 2 does not support the 
validity of Hypothesis 2. 
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Figure 2. Comparing the Average Marginal Component Effects of Models 2 and 3, 
regarding the ‘white’ and ‘nonwhite’ subgroups of the sample, respectively. 
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Model 3 follows the same process as the previous, except it runs a logistic 
regression of the ‘Chosen’ profiles on conjoint experiment attributes only for 
those respondents who self-identified in some way as being non-white. This 
includes identification as Black or African American, Hispanic or Latinx, Native 
Hawaiian or Pacific Islander, Native American, or any combination of the 
previous. The probabilities of this subgroup within the experiment sample 
choosing profiles with certain attributes are shown in Figure 2 as the ‘Nonwhite’ 
indicators. The most prominent finding with this model with reference to 
Hypothesis 2 is that the results show that non-white respondents are 11.2 percent 
more likely to select profiles listed as ‘Black or African American’ than those 
listed as ‘White or Caucasian’ (p-value < 0.01). Respondents affiliated with racial 
minorities are also 5.8 percent more likely to select profiles listed as ‘Hispanic’ 
(p-value < 0.1), 12 percent more likely to select those listed as ‘Native American’ 
(p-value < 0.01), and 5.9 percent more likely to select those listed as ‘Hawaiian 
Native or Pacific Islander’ (p-value < 0.1) than those listed as ‘White’. Based on 
the significance of Model 3, this model does show some support for Hypothesis 
2, as the probability of a minority respondent selecting a profile identified as any 
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of the given racial minority categories is positive and statistically significant from 
zero. 
In order to discover the effects of each individual racial category, Models 
4, 5, and 6 run the same type of logistic regression, but only for those participants 
identifying, at least in part, as ‘White or Caucasian,’ ‘Black or African American’ 
or ‘Hispanic or Latinx’, respectively. Figure 3 shows the marginal effects of each 
independent variable for these additional models (Table 4 shows these in the 
form of listed probabilities).  
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Figure 3. Comparison of marginal effects on ‘Chosen’ by specific racial or ethnic 
subgroup. 
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Table 4. Probabilities of each attribute variable, from logit regressions, for specific racial 
group cohorts. 
  (4) (5) (6) 
VARIABLES for profiles White 
Participants 
Black 
Participants 
Hispanic/Latinx 
Participants 
     
Age 25 years -0.255** -0.061 -0.090 
  (0.106) (0.0579) (0.0608) 
 35 years -0.203* 0.041 -0.041 
  (0.106) (0.0606) (0.0619) 
 45 years -0.187* 0.0016 -0.040 
  (0.106) (0.0559) (0.0611) 
 55 years -0.176* 0.105* -0.018 
  (0.106) (0.0558) (0.0567) 
 65 years -1.58 
(0.106) 
- - 
     
Assistance 
desired 
EITC -0.040** 0.072 0.001 
  (0.0191) (0.0657) (0.0704) 
 Medicaid 0.218*** 0.076 0.102 
  (0.0185) (0.0630) (0.0646) 
 SNAP 0.059*** 0.097 0.025 
  (0.0188) (0.0657) (0.0683) 
 Section 8 
voucher 
0.046** 0.074 0.077 
  (0.0184) (0.0632) (0.0668) 
 TANF 0.071*** 0.014 0.080 
  (0.0183) (0.064) (0.0634) 
 (omitted) 
Unemployme
nt insurance 
- - - 
     
Circumstance 
surrounding 
need 
Recipient 
needs to take 
care of young 
0.233*** 0.185*** 0.140*** 
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children 
  (0.0093) (0.0349) (0.0366) 
 (omitted) 
Recipient is 
unemployed 
- - - 
     
Gender Female 0.072*** 0.020 0.008 
  (0.0105) (0.0369) (0.0385) 
 (omitted) Male - - - 
     
Marital Status Divorced 0.017 -0.002 -0.011 
  (0.0152) (0.0522) (0.0548) 
 Married 0.005 0.021 -0.059 
  (0.0151) (0.0521) (0.0529) 
 Separated 0.003 0.039 0.010 
  (0.0152) (0.0518) (0.0554) 
 (omitted) 
Never married 
- - - 
     
Race/ethnicity Black/African 
American 
0.006 0.118** 0.157*** 
  (0.0165) (0.0595) (0.0586) 
 Hispanic/Latin
x 
-0.030* 0.082 0.088 
  (0.0169) (0.0557) (0.0621) 
 Native 
American 
0.046*** 0.066 0.099 
  (0.0167) (0.0558) (0.0609) 
 Hawaiian/Paci
fic Islander 
0.006 -0.024 0.0840 
  (0.0168) (0.0571) (0.0583) 
 (omitted) 
White/Caucasi
an 
- - - 
     
Location of AL -0.022 -0.075 -0.016 
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residence 
  (0.0186) (0.0629) (0.0612) 
 CA -0.012 -0.070 -0.160** 
  (0.0186) (0.0665) (0.0662) 
 IL 0.018 -0.039 0.118* 
  (0.0185) (0.0631) (0.0647) 
 MA -0.029 -0.052 -0.091 
  (0.0182) (0.0640) (0.0624) 
 OR 0.016 -0.019 -0.039 
  (0.0188) (0.0653) (0.0669) 
 (omitted) TX - - - 
     
 Observations 8,190 710 660 
Standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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Model 5 shows that black respondents on average are 11.8 percent more likely to 
select profiles identified as being African American than profiles identified as 
being white or Caucasian (p-value < 0.05). All other probabilities concerning the 
other races that were randomized within the experiment were not statistically 
significant, and thus no implications can be drawn from them. In this case, if 
Hypothesis 2 is true, we would see positive probability associated with profiles 
that are identified as being black or African American, and negative probabilities 
associated with all other race attributes in the experimental profiles. While the 
attributes for Hispanic or Latinx, Native American, and Native Hawaiian/Pacific 
Islander are statistically insignificant from zero, this model does show some 
support for Hypothesis 2, as the probability of a black respondent selecting a 
profile identified as black or African American is positive and statistically 
significant. Model 6 runs the same logit regressions, but only takes into account 
the responses of those who self-identified as Hispanic or Latinx. This model 
shows similar effects to that of Model 3. The only statistically significant effect 
among these respondents is that the results show them 15.7 percent more likely 
to select a profile identified as black or African American over a white profile. 
There are no significant effects of being Hispanic/Latinx on selecting Hispanic, 
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Native American, or Hawaiian/Pacific Islander profiles. Thus, in terms of 
Hypothesis 2, this model does not necessarily support the idea that members of a 
racial or ethnic group select for members of the same group and against 
members of other groups.  
Based on the above three models which are differentiated based on the 
sample ethnic group of respondents, Hypothesis 2 has weak support at best. The 
probabilities presented through Models 2 and 4 (reflecting regressions among 
white and Hispanic/Latinx respondents, respectively) do not have enough 
statistically significant evidence to support the original hypothesis that 
deservingness of welfare support is perceived by an individual through 
similarities in personal characteristics. There is no across the board evidence that 
individuals even select toward members of their own racial or ethnic group, and 
thus it does not logically follow to imply that members of certain groups view 
others of their ingroup as more deserving of government assistance and welfare 
programs than others of various outgroups. 
The findings here suggest that although race may play a partial role in 
perceptions of welfare deservingness by members of the American public, there 
is no evidence to conclude that racial bias is the strongest or even one of the 
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strongest factors that affects how Americans view welfare and those who receive 
government assistance. To further solidify my confidence in these results, I 
looked at some of the other demographic factors included in the original survey 
data that may also serve as alternative explanations as to how individuals make 
decisions about who deserves welfare. 
Figures 1-3 show that although there are some race effects for which 
profile is chosen or not chosen by survey participants, the magnitude of these 
effects is not by any means the largest in any iteration of the original model. 
Figure 1, a display of the marginal effects of all of the profile dependent variables 
for the entire sample in the beginning of this section, shows that the marginal 
effects and their standard errors are well within the same range as the effects of 
various locations of residence of each profile, as well as visibly less than the 
effects of the type of welfare program desired or the age listed for each profile. In 
Figure 2, the visualization of the differences in marginal effects for white versus 
non-white subgroups of the sample, the conclusions are the same. While the 
marginal effects of a profile being listed as a member of a minority racial group 
are more positive for survey respondents that are nonwhite versus those who are 
white, these effects are visibly very similar in position to those of the various 
 
 
61 
 
types of welfare assistance desired for each profile, and considerably lesser in 
magnitude to the marginal effect of circumstance surrounding need on whether 
or not a particular profile gets chosen, namely, the circumstance of needing 
assistance to take care of young children. In Figure 3, similar comparisons can be 
drawn from the further breakdown of the ‘nonwhite’ segment of the sample into 
racial and ethnic subgroups. 
I also generated several interaction terms between racial subgroups and 
the types of welfare assistance programs listed among the profiles that survey 
participants had to choose between. There were no statistically significant effects 
of such interaction terms except for the interaction of the indicator for ‘Hispanic’ 
profiles and those profiles listed as desiring the earned income tax credit (EITC). 
The full logistic regression model and its marginal effects are listed in the 
appendix (section 1.4). Essentially, on average, survey respondents were nearly 8 
percent less likely to select a profile as deserving of government assistance if it 
was listed as being Hispanic and desired to qualify for the earned income tax 
credit. This result is particularly interesting based on the general results of 
models 1, 2, and 3 regarding those profiles identified as Hispanic or Latinx or 
those identified as desiring government assistance in the form of qualifying for 
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the EITC. For the entire sample of participants (1) and for the non-white 
contingent of the sample (3), those profiles listed as Hispanic or Latinx had no 
statistically significant marginal effect on whether or not a profile was chosen. 
However, for the white portion of the sample (2), a profile listed as being 
Hispanic or Latinx was almost 4 percent less likely of being selected as deserving 
of welfare (p-value < 0.05). Additionally, this model of the white subgroup was 
the only model to show that a profile identifying the EITC as the assistance 
desired was significantly less likely to be chosen for welfare support (4.9 percent, 
p-value < 0.05). Thus, it follows that the interaction effect of these two variables is 
also negative. Further, for just the white subgroup of the sample, the interaction 
effect is 1 percent greater than the effect produced by the entire sample. This 
trend shows that, in contrast to the overall positive marginal effects of other 
welfare assistance programs (Medicaid insurance, TANF, Section 8 housing 
vouchers, SNAP), the earned income tax credit has a negative effect on 
perceptions of welfare deservingness relative to the base category, 
unemployment insurance payments. This interaction trend also shows that, for 
the white portion of this sample, being Hispanic also has a negative effect on 
perceptions of welfare deservingness relative to other races. This could lend a 
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starting point for future investigations, as to if attitudes about welfare are 
specifically linked to Hispanic and Latinx-identifying individuals. This specific 
result does not convince me that race is a dominant factor in determining welfare 
deservingness. This result could come from other explanations, including 
perceptions of immigrants by American citizens in considerations of welfare 
policy, which is related, but not necessarily the same thing.  
I also looked at the effects of party affiliation and political ideology, and 
whether or not these participant characteristics exacerbated the marginal effects 
of the race of profiles on whether or not they were chosen. The probabilities 
calculated by the logistic regression model specific to party affiliation and 
political ideology can be found in the appendix (section 1.5). For those 
identifying themselves as Democrats, profiles identified as Black/African 
American, Native American, and Hawaiian/Pacific Islander all had statistically 
significant, higher probabilities of being chosen than profiles listed as 
White/Caucasian. For Republicans, profiles identified as Hispanic/Latinx were 
less likely to be chosen relative to White/Caucasian profiles. Relative to the initial 
model including the entire survey, Democrats had significantly higher positive 
probabilities for the aforementioned racial categories of profiles, and Republicans 
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have significantly lower negative probability of choosing Hispanic profiles. 
However, Democrats were also significantly more likely to support most types of 
welfare programs (these being: Medicaid, SNAP, Section 8 vouchers, and TANF) 
than the average survey participant, while Republicans were not statistically 
likely to support any specific program more than the average survey participant. 
This result suggests that something about party ideology being a factor in 
support for those desiring assistance from welfare, and less about race. While 
race effects are certainly dynamic when it comes to analysis of specific political 
parties, it follows that how a participant chose to decide which profiles were 
deserving of government assistance may be strongly linked to his/her party 
affiliation. Almost identical comparisons can be found in the marginal effects of 
the profile dependent variables when analyzed by participant’s political 
ideology. 
Another possible explanation for Americans’ lack of support for welfare 
aside from race of its beneficiaries is general negative feelings toward the 
government which disseminates such programs. This can be measured in two 
major ways from the data I collected: feelings about the size of the federal 
government’s role in the respondent’s life and how included or represented a 
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respondent feels by the politics and debates in federal government. On the first 
metric listed here, I looked at the differences between groups in the sample that 
had varying preferences for the role and size of the federal government 
(probabilities can be found in the Appendix in section 1.6). A notable difference 
among these groups is that for the cohort that preferred a minimal role of the 
government in their daily lives, insinuating preference for a small federal 
government, there is a negative marginal effect of the ‘black’ dependent variable. 
That is, respondents of this category were almost 5 percent less likely to choose a 
profile listed as Black/African American than a White/Caucasian profile. 
However, among this subgroup of the sample, all of the race probabilities 
decreased significantly decreased from those from the entire sample analysis, 
however none except for the ‘black’ probability are statistically significant. In 
addition, for this subgroup, probabilities of choosing any of the specified welfare 
assistance programs over another were mostly statistically insignificant, 
implying that perhaps this group is less likely to support government welfare 
programs in general due to their lack of affinity for an increased role of the 
federal government. The second metric I used to measure negative feelings 
toward the government itself was how represented respondents felt in the 
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federal government today, and the results of the logistic regression in the form of 
probabilities are available in the Appendix (section 1.7). Among the subgroup of 
respondents who felt the least represented by the government, the probability of 
selecting a profile listed as Black/African American went up by 2 percent from 
2.5 percent marginal effect resulting from the sample as a whole. This contrasts 
the previous result, where individuals preferring a lower role of the government 
were less likely to select a ‘black’ profile versus a ‘white’ one, and thus implies 
that perhaps a race effect is not even significant among differing cohorts of the 
sample that are less likely to support the federal government. In sum, while there 
are select instances of race having an effect on how certain groups of individuals 
determine welfare deservingness of potential beneficiaries, the general effects of 
perceptions about the government seem to complicate the race effect and may 
indicate that racial biases themselves are not necessarily a dominant factor on 
their own. 
It could be argued that the gender of the respondent matters when 
comparing the effect of a profile’s race on whether or not it was chosen. Details 
of the marginal effects of the profile variables on whether or not a profile was 
chosen can be found in the Appendix (section 1.8). When the sample is separated 
 
 
67 
 
into male and female cohorts, the marginal effect of having a profile listed as 
‘black’ chosen increases slightly for the female group versus the sample as a 
whole. Despite this slight magnification of the positive tendency to choose a 
‘black’ profile over a ‘white’ one, there do not seem to be any other real notable 
effects of gender on how the average survey respondent selects between profiles 
of different races. However, there still are no statistically significant negative 
probabilities associated with any of the minority race/ethnicity categories for 
either male or female cohorts of the sample. This further solidifies the conclusion 
that groups based on gender are not less likely to choose any given profile 
simply because it is identified as non-white. 
This is a significant finding in and of itself due to the strong body of 
literature that argues that race is a central motivator in support of welfare 
programs for some people and lack of support for others. The concept of racial 
perceptions impacting policy support and decisions by members of the American 
public is the central tenet of Martin Gilens’ book Why Americans Hate Welfare, and 
is a general idea associated with debates about intergroup theory, public opinion, 
and racial biases in America. To conclude that this study did not find results 
consistent with these theories suggests that these existing theories in the 
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literature need to be revisited, and more research on public opinion and real-time 
individual perceptions and decision-making processes must be done before 
making sweeping conclusions about the biases of the American public. 
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VII. Discussion and Conclusions 
This conjoint study on the effects of different group dynamics, namely 
racial differences, on support for welfare programs finds little evidence in 
support of the literature on how individuals support welfare programs in the 
United States based on race. This is a significant finding because, much of the 
current literature suggests that members of American public opinion view the 
welfare state in the U.S. through the lens of racial biases, indicating that their bias 
may cause white individuals to be less likely to support those of racial or ethnic 
minorities, and that people are more likely to support candidates for welfare 
benefits of their own racial group, and on the contrary do not support members 
of other racial groups as readily. However, the evidence suggests that the case 
presented in the literature is not the case here, when testing the two hypotheses 
stated previously. First, that the sample as a whole was actually more likely to 
choose a black or African American individual for welfare benefits over a white 
individual is remarkable in comparison to the context of previous studies. This 
runs completely antithetical to Martin Gilens’ 1999 book, Why Americans Hate 
Welfare, which posited racial and ethnic biases as a main explanation for low 
support of the American welfare state.  
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Additionally, in the context of deep rhetorical divides between racial 
groups in the United States today, this study offers an interesting perspective on 
the policy implications of such divides. The initial implication of this experiment 
reveals that race is not necessarily the primary motivator for individuals when 
choosing to support or not support various programs. This can be seen in the 
evaluation of the two formal hypotheses presented in this research, and also in 
the subsequent analysis of the potential impact of other factors on how 
individuals determine welfare deservingness of others, namely by their own 
demographic characteristics, including party affiliation, gender, personal feelings 
about the federal government and its role, as well as individual political 
knowledge. This finding is important because it condemns the highly assumptive 
finger-pointing tactics of political debates that position different groups or 
individuals as being motivated by racial biases. This is an important step in 
American politics, and even greater, in the American healing process that is still 
arguably occurring post-Civil War and post-Civil Rights era abuses. Political 
rhetoric aimed at racial biases, which are not necessarily existent in this specific 
case according to this study, can deepen divides between political groups and 
 
 
71 
 
racial groups, which only stultifies the healing process and limits Americans’ 
ability to unify as citizens regardless of racial or ethnic identification.  
The first model representing the entire survey sample did show positive 
associations of survey takers as a whole with African American profiles. It also 
displayed on average, a negative association with Hispanic or Latinx individuals 
who hypothetically could benefit from welfare programs, however this was not 
statistically significant from zero. Basically, although the average survey 
respondent was more likely to support a black person over a white person to 
benefit from a welfare program, there is no evidence to conclude that the average 
survey respondent was more or less likely to choose a Hispanic/Latinx profile 
over a white person. Another notable instance in this first model is that survey 
respondents were most likely to choose a Native American profile for welfare 
support over a white candidate, and this marginal effect was stronger and had a 
greater degree of statistical significance than any of the other race indicator 
variables in Model 1. This additionally confirms the above analysis, that race is 
not a negative factor that affects how the average American sees welfare 
programs and their beneficiaries. 
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Analysis of the second hypothesis, and a breakdown of the results based 
on racial group, also adds to the discussion on race as a metric that individuals 
use to determine their support for welfare programs in the United States. When 
looking at individual racial groups, in this case white versus non-white, there is 
some evidence that certain racial biases are present. In the case of white survey 
respondents, the only statistically significant effect is shown for Hispanic or 
Latinx individual profiles for welfare support. The findings show that White 
survey respondents were slightly less likely to support an individual identifying 
as Hispanic or Latinx than a white individual for their desired welfare benefit. 
Additionally, in the non-white group analysis, these survey respondents self-
identifying as some racial minority were more likely to choose both black and 
Hispanic/Latinx individuals for welfare benefits over a white candidate. These 
results solidify the idea from the existing literature that individuals tend to see 
members of their own group more favorably, and in this case, more deserving of 
welfare assistance than those not identifying as part of their group. While this 
suggests that ingroup preference and some decision-making based on race exist, 
the lack of any statistically significant negative effect on any racial minority 
group for the whole sample (Model 1) implies that although there may be some 
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race effects, this is not necessarily the reason why Americans are less likely to 
support government programs like welfare.  
Why is this the case? This experiment attempted to determine what types 
of group-based factors affected American’s support for welfare programs. Some 
evidence for the second hypothesis of the study suggests that race may be more 
of a factor within different racial sub groups, but on the whole does not result in 
negative associations of minority individuals benefiting from welfare. The 
location of residence analysis in various iterations of the regressions did not 
result in any notable effects on welfare deservingness perceptions based on the 
location where a profile was identified to be living.  
This study did not take into a count respondents’ perceptions of the 
economy, fiscal responsibility of the government, concerns or lack of concerns 
about the budget and the deficit, or other economic indicators. Perhaps 
individuals are more motivated by scare rhetoric by politicians of too much 
spending, or the recent instances of government shutdowns because of 
controversies over the budget and how much should be allocated to various 
types of agencies and programs. This sort of argument also connects to a party 
line argument, which this study also analyzed to determine the effects of party 
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and ideological identification on support for welfare programs. When regressing 
the ‘Chosen’ variable on each profile attribute indicator variable only for those 
identifying as ‘Republican’ and those identifying as ‘Democrat’ as subgroups of 
the survey sample, results show that, to be expected, those identifying as 
Democrats are more likely on the whole to support all types of welfare programs 
as well as members of each racial minority group than those identifying as 
Republicans. Thus, the analysis of average marginal component effects of all of 
these different factors shows that race is indeed not necessarily the most 
important factor in determining how individuals evaluate a person’s welfare 
deservingness, nor how they determine whether or not to support welfare 
programs. Instead, it makes sense that party lines are very important in 
determining how individuals perceive the welfare state in America. From here, it 
follows that politicians on both sides can use race rhetoric to mobilize support on 
either side, whether using racial stereotypes to try to decrease support for certain 
policies, or using the idea that certain groups of voters are racist because of their 
lack of support for a certain type of welfare program. However, stripped away of 
all confounding factors, Americans individually, on average, do not use race as a 
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way to evaluate whether or not to support a welfare policy more than other, 
stronger factors. 
In conclusion, this study is an important contribution to the literature on 
welfare policy, public opinion, and perceptions of groups within public opinion, 
namely those divided along racial lines. First, the evidence provided by this 
sample suggests that race is not the most dominant factor in how individuals 
decide to support welfare policy and how they perceive the deservingness of 
others for government assistance. There seems to be no overwhelming race effect 
in this sample, although there are some specific instances where race may play a 
slightly intensified role in determining welfare deservingness, but these effects 
are impacted by other factors and cannot be confirmed as stand-alone effects. 
Second, this study brings a new approach to test the arguments of the existing 
literature on why Americans seem to vary in support for government provisions 
through welfare policy. In essence, the conjoint experiment method revisits 
Martin Gilens’ classic survey approach to analyzing determinants of public 
opinion in the welfare policy space. Its qualities of high level randomization and 
generation of a large set of observations has allowed me to observe a nationally 
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representative sample in the modern political climate, and evaluate the claims of 
political scientists in previous political moments. 
Thirdly, this research provides vast opportunities for continued 
investigation. One outstanding explanation for reasons why individuals may not 
support welfare assistance policies is the enduring geographical divides in the 
United States. The results of this study would be greatly augmented by 
geographical analysis of where respondents come from. Zip codes and latitude-
longitude coordinates could be converted into data corresponding to 
neighborhoods and other communities, and viewing the marginal effects of the 
variables in this study relative to different geographical areas may provide 
interesting insight into how different parts of the country feel about the 
government’s role and policies as a whole, and how they may specifically feel 
about those potentially benefiting from government assistance programs. 
Furthermore, evaluating how exposure to different levels of diversity affects an 
individual’s propensity to support others of different races for welfare supports 
may also prove to be interesting research.  
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Appendix 
 
1.1 Survey Questions 
Political information questions presented to survey respondents were: 
1. What is the name of the current U.S. vice president? 
2. In the last week, there has been news coverage of a school shooting. In what 
state did this shooting occur? 
3. What is the name of the most recent appointed justice to the Supreme Court 
(named by the Trump Administration)? 
The purpose of these questions was to orient survey participants into the 
mindset of a survey about politics and public opinion, but also was careful to 
minimize any possible priming for issues central to the study, including welfare 
or race. 
The following are the feeling thermometer questions that were asked of 
the respondent right after they answer they participated in the conjoint 
experiment. 
1. How do you feel about racism in America today? 
This question attempts to measure the respondent’s sensitivity and personal 
feelings about racism in general in America. The responses were coded with 0 as 
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‘racism is not an issue in America today’ through 100 as ‘racism is the worst it 
has been in American history.’ By asking this question, I wanted to understand 
more about how potentially separated a respondent is from experiences and 
incidents of racism, and how this may affect responses to the conjoint 
experiment. Such separation would be indicated by a low-number ranking on 
this scale. 
2. How do you feel about the government’s role in daily life? 
With this question, I attempted to capture how the individual feels about the 
role of the government in general. The answers were coded with 0 as ‘the 
government’s role should be minimized as much as possible’ to 100 as ‘the 
government’s role should regulate any behaviors that could possibly be 
perceived negatively by others.’ By fielding answers to this question, it could 
become more apparent whether a respondent is against welfare simply because 
he or she is against government interventions and regulations across the board, 
or if their reaction to welfare policies is more directed at other factors, including 
assessments of those who would be beneficiaries of government programs like 
welfare.  
3. How well do you feel represented and/or included in American 
politics and government right now? 
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This question aims to understand where the respondent falls in the broader 
debate about Americans feeling left behind by the District of Columbia’s political 
happenings. Understanding how this dynamic affects different respondents of 
different demographics lends deeper insight into why certain respondents may 
support welfare and those who receive benefits from such policies. For example, 
those who feel more disconnected from American politics in general may feel 
disenchanted with the political process, and may resent policies that do not bring 
them into the political loop. 
4. How pressing do you feel is the issue of income inequality in 
America? 
This final feeling thermometer question digs deeper into the reason behind 
existing welfare policies and why some might seek to expand them. This 
question was coded with 0 as ‘income inequality is not a pressing issue in 
America’ and 100 as ‘income inequality should be the first priority of 
government policy.’ Answers here will give more context into whether 
respondents choose to support welfare policies in general, and set up the basis 
for analyzing the effects of race and other group dynamics on top of attitudes 
about welfare. These responses will serve as a baseline to test the results of the 
survey experiment against.  
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1.2 Sample Recruitment and Demographics 
I used Amazon’s Mechanical Turk online platform to recruit survey 
participants to take an online survey generated using Qualtrics. Mechanical Turk 
(mTurk) is an online service that matches workers with tasks provided by 
‘requesters’, who then pay workers in compensation for completing these tasks, 
called HITs. This recruitment method has been used by other conjoint surveys in 
recently published literature, and has been shown to be beneficial for this type of 
randomized survey experiment (Shapiro, Chandler, and Mueller 2013; Clifford, 
Jewell, and Waggoner 2015; Hainmueller, Hangartner and Yamamoto 2015; 
Hainmueller and Hopkins 2014). Based on the rationale of previous studies on 
mTurk samples, I believe that my sample contains a representation of the many 
subgroups analyzed in this study, and the reduced cost in terms of time and 
money is an asset to this experiment that could not be offered using a different 
method of participant recruitment. 
Using the models of Berinsky, Huber and Lenz (2012) and Christenson and 
Glick (2014), I used mTurk restrictions to only disseminate the post of my survey 
to those workers who were over the age of 18, resided in the United States, had 
at least a 95 percent approval rating on previous tasks, and additionally who also 
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had completed at least 50 previous tasks. As mentioned in the study, I used 
mTurk’s ‘batch’ feature to disseminate the survey in seven waves. The first and 
second batches only restricted postings based on these general limits, and 
garnered 100 and 500 responses, respectively. The third batch featured an 
additional requirement, that respondents have identified a conservative political 
affiliation, and received 100 responses. The fourth batch featured the original 
three requirements, plus an additional one that respondents be of age 55 or older, 
and received 100 responses. The fifth and sixth batches featured the original 
three requirements as well as the additional one that household income be less 
than $25,000 or between $25,000 and $49,999 annually, and received 40 responses 
each. The seventh and final batch only featured the original three requirements, 
and received 100 responses. 
The table in the data description section above gives a brief overview of the 
sample in terms of various demographic characteristics identified by survey 
participants. The following table compares this sample with data from previous 
studies of the validity of Mechanical Turk samples, found in Berinsky, Huber, 
and Lenz (2012). 
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Table A1. Comparing survey sample with example demographics from Internet and face-
to-face samples. 
  Internet sample  Face-to-face sample 
 My 
Sample 
MTurk ANESP 
2008 
 CPS 2008 ANES 2008 
Female 44.95% 60.1% 57.6%  51.7% 55.0% 
Mean income $40,000-
$49,000 
(category) 
$55,332 $69,043  $62,256 $62,501 
White 82.56% 83.5% 83.0%  81.2% 79.1% 
Black 7.16% 4.4% 8.9%  11.8% 12.0% 
Hispanic 6.65% 6.7% 5.0%  13.7% 9.1% 
Married 40.84% 39.0% 56.8%  55.7% 50.1% 
Divorced 9.37% 7.1% 12.1%  10.2% 12.9% 
Separated 1.73% 2.5% 1.3%  2.1% 2.9% 
Never 
married 
46.74% 50.6% 14.2%  25.7%% 26.2% 
Widowed 1.32% 0.7% 4.9%  6.3% 7.8% 
N 992 548-551 2,727-3,003  100,008 2,307-2,312 
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1.3 Descriptions of types of welfare assistance programs, as presented to survey 
respondents. 
 
Earned Income Tax Credit (EITC): additional income paid by the government 
for working individuals with low to moderate income (U.S. Internal Revenue 
Service) 
Medicaid insurance: federal and state government funded health insurance for 
low-income and needy individuals (U.S. Centers for Medicare and Medicaid 
Services) 
Section 8 housing vouchers: government assistance for affording housing in the 
private market (U.S. Department of Housing and Urban Development) 
Supplemental Nutrition Assistance Program (SNAP): government assistance in 
purchasing food at grocery stores, convenience stores, and other locations, 
previously known as food stamps (U.S. Department of Agriculture) 
Temporary Assistance for Needy Families (TANF): government financial 
assistance for families with one or more dependent children for food, shelter, 
utilities, and non-medical expenses (U.S. Department of Health and Human 
Services) 
Unemployment insurance: government payments to unemployed workers (U.S. 
Department of Labor) 
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1.4 Table A2. Comparing marginal effects between the original model (1) and that 
including an interaction between ‘Hispanic’ and the ‘EITC’ variables. 
  (7) (8) (9) 
VARIABLES for profiles Entire 
Sample 
White Nonwhite 
     
Age 25 years -0.270** -0.257** -0.0501 
  (0.106) (0.106) (0.0337) 
 35 years -0.213** -0.204* 0.0213 
  (0.106) (0.106) (0.0342) 
 45 years -0.205* -0.187* -0.00805 
  (0.106) (0.106) (0.0327) 
 55 years -0.186* -0.177* 0.0509 
  (0.106) (0.106) (0.0324) 
 65 years -0.177* -0.153 - 
  (0.106) (0.106)  
Assistance 
desired 
EITC -0.0141 -0.0322 0.0541 
  (0.0185) (0.0209) (0.0406) 
 Medicaid 0.0547*** 0.0527*** 0.0616* 
  (0.0168) (0.0191) (0.0363) 
 SNAP 0.0661*** 0.0575*** 0.0884** 
  (0.0172) (0.0193) (0.0380) 
 Section 8 
voucher 
0.0464*** 0.0407** 0.0685* 
  (0.0169) (0.0190) (0.0371) 
 TANF 0.0733*** 0.0687*** 0.0942*** 
  (0.0167) (0.0188) (0.0364) 
 (omitted) 
Unemployment 
insurance 
- - - 
     
Circumstance 
surrounding 
need 
Recipient needs 
to take care of 
young children 
0.220*** 0.237*** 0.167*** 
  (0.00869) (0.00962) (0.0200) 
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 (omitted) 
Recipient is 
unemployed 
- - - 
     
Gender Female 0.0687*** 0.0743*** 0.0485** 
  (0.00962) (0.0109) (0.0211) 
 (omitted) Male - - - 
     
Marital Status Divorced 0.0198 0.0199 0.00760 
  (0.0138) (0.0157) (0.0301) 
 Married 0.00211 0.00392 -0.00815 
  (0.0138) (0.0156) (0.0298) 
 Separated 0.00829 0.00231 0.0174 
  (0.0138) (0.0156) (0.0301) 
 (omitted) Never 
married 
- - - 
     
Race/ethnicity Black/African 
American 
-0.0238 -0.0230 -0.0317 
  (0.0169) (0.0193) (0.0361) 
 Hispanic/Latinx -0.0139 -0.00964 -0.0439 
  (0.0169) (0.0191) (0.0369) 
 Native 
American 
0.0290* 0.0201 0.0472 
  (0.0168) (0.0190) (0.0361) 
 Hawaiian/Pacifi
c Islander 
-0.0211 -0.0283 -0.0160 
  (0.0167) (0.0188) (0.0364) 
 (omitted) 
White/Caucasia
n 
0.0160 0.0221 -0.00763 
  (0.0171) (0.0193) (0.0376) 
Location of 
residence 
AL - - - 
     
 CA 0.0249 -0.00153 0.112*** 
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  (0.0152) (0.0170) (0.0334) 
 IL -0.00420 -0.0248 0.0630* 
  (0.0162) (0.0184) (0.0350) 
 MA 0.0591*** 0.0415** 0.121*** 
  (0.0152) (0.0172) (0.0332) 
 OR 0.0132 0.000774 0.0586* 
  (0.0153) (0.0173) (0.0331) 
 (omitted) TX - - - 
     
Interaction 
between 
‘Hispanic’ and 
‘EITC’ terms 
Hispanic x EITC -0.0783** -0.0960** -0.0363 
  (0.0352) (0.0403) (0.0750) 
     
     
 Observations 9,920 7,680 2,140 
Standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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1.5 Table A3. Comparing marginal effects among cohorts divided by party affiliation and 
political ideology. 
VARIABLES for 
profiles 
(10) (11) (12) (13) 
Republican Democrat Conservative Liberal 
     
25 years -0.207 -0.0604*** -0.201 -0.0498** 
 (0.155) (0.0221) (0.154) (0.0226) 
35 years -0.133 -0.0181 -0.115 -0.0226 
 (0.155) (0.0222) (0.154) (0.0228) 
45 years -0.111 -0.0211 -0.115 0.00294 
 (0.155) (0.0218) (0.154) (0.0223) 
55 years -0.0908 0.00744 -0.0753 0.0151 
 (0.155) (0.0216) (0.154) (0.0219) 
65 years -0.0819  -0.0697  
 (0.155)  (0.154)  
EITC -0.00901 -0.0514** -0.0271 -0.0495* 
 (0.0304) (0.0251) (0.0298) (0.0256) 
Medicaid 0.0255 0.0833*** 0.0160 0.0662*** 
 (0.0294) (0.0241) (0.0288) (0.0246) 
SNAP -0.000603 0.0889*** 0.00820 0.0778*** 
 (0.0298) (0.0248) (0.0295) (0.0252) 
Section 8 
voucher 
-0.0157 0.0808*** -0.0143 0.0763*** 
 (0.0294) (0.0241) (0.0288) (0.0246) 
TANF 0.0323 0.105*** 0.0254 0.0893*** 
 (0.0290) (0.0241) (0.0282) (0.0247) 
(omitted) 
Unemployment 
insurance 
- - - - 
     
Recipient needs 
to take care of 
young children 
0.180*** 0.262*** 0.194*** 0.252*** 
 (0.0158) (0.0118) (0.0153) (0.0123) 
(omitted) 
Recipient is 
- - - - 
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unemployed 
     
Female 0.0782*** 0.0742*** 0.0586*** 0.0784*** 
 (0.0167) (0.0138) (0.0165) (0.0141) 
(omitted) Male - - - - 
     
Divorced 0.0247 0.0109 0.0219 0.00944 
 (0.0242) (0.0198) (0.0237) (0.0204) 
Married 0.0154 0.00756 -0.00642 0.00841 
 (0.0241) (0.0197) (0.0235) (0.0202) 
Separated 0.0107 -0.00662 0.00792 -0.0106 
 (0.0239) (0.0199) (0.0236) (0.0203) 
(omitted) Never 
married 
- - - - 
     
Black/African 
American 
-0.0317 0.0781*** -0.0156 0.0624*** 
 (0.0269) (0.0215) (0.0263) (0.0221) 
Hispanic/Latinx -0.0773*** 0.0331 -0.0558** 0.0204 
 (0.0271) (0.0221) (0.0264) (0.0226) 
Native 
American 
0.00441 0.115*** 0.00760 0.106*** 
 (0.0269) (0.0217) (0.0264) (0.0222) 
Hawaiian/Pacifi
c Islander 
-0.0453* 0.0753*** -0.0476* 0.0606*** 
 (0.0269) (0.0218) (0.0266) (0.0222) 
(omitted) 
White/Caucasia
n 
- - - - 
     
AL 0.00627 -0.0487** -0.000306 -0.0259 
 (0.0294) (0.0245) (0.0289) (0.0250) 
CA -0.0158 -0.0133 -0.0232 -0.00735 
 (0.0291) (0.0242) (0.0287) (0.0249) 
IL 0.0490* 0.0174 0.0458 0.0206 
 (0.0290) (0.0240) (0.0285) (0.0246) 
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MA -0.0150 -0.0443* -0.00774 -0.0420* 
 (0.0293) (0.0238) (0.0289) (0.0242) 
OR 0.0295 -0.00655 0.0200 0.0158 
 (0.0297) (0.0247) (0.0292) (0.0253) 
(omitted) TX - - - - 
     
     
Observations 3,340 4,640 3,470 4,480 
Standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
  
 
 
90 
 
1.6 Table 4. Comparing marginal effects among cohorts divided by preference for the size 
and role of government. 
  (1) (2) (3) 
VARIABLES for profiles Minimal 
Govt Role 
Medium 
Govt Role 
High Govt 
Role 
     
Age 25 years -0.154*** -0.266* -0.0855** 
  (0.0287) (0.149) (0.0380) 
 35 years -0.0642** -0.218 -0.0651* 
  (0.0289) (0.149) (0.0376) 
 45 years -0.0860*** -0.219 0.00312 
  (0.0286) (0.149) (0.0371) 
 55 years -0.0556* -0.188 -0.0310 
  (0.0285) (0.149) (0.0371) 
 65 years -  - 
     
Assistance 
desired 
EITC -0.0191 -0.00491 -0.0647 
  (0.0345) (0.0269) (0.0442) 
 Medicaid 0.0242 0.0822*** 0.0572 
  (0.0316) (0.0245) (0.0396) 
 SNAP 0.0392 0.0762*** 0.119*** 
  (0.0326) (0.0248) (0.0409) 
 Section 8 
voucher 
0.0197 0.0622** 0.0582 
  (0.0317) (0.0243) (0.0403) 
 TANF 0.0726** 0.0755*** 0.0920** 
  (0.0309) (0.0241) (0.0406) 
 (omitted) 
Unemployment 
insurance 
- - - 
     
Circumstance 
surrounding 
need 
Recipient needs 
to take care of 
young children 
0.214*** 0.238*** 0.186*** 
  (0.0165) (0.0123) (0.0219) 
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 (omitted) 
Recipient is 
unemployed 
- - - 
     
Gender Female 0.0624*** 0.0774*** 0.0554** 
  (0.0182) (0.0138) (0.0235) 
 (omitted) Male - - - 
     
Marital Status Divorced -0.0221 0.0263 0.0637* 
  (0.0259) (0.0200) (0.0333) 
 Married 0.00229 -0.0169 0.0285 
  (0.0263) (0.0198) (0.0331) 
 Separated 0.00852 -0.00241 0.0102 
  (0.0260) (0.0199) (0.0332) 
 (omitted) Never 
married 
- - - 
     
Race/ethnicity Black/African 
American 
0.0143 -0.0487** -0.0223 
  (0.0324) (0.0244) (0.0407) 
 Hispanic/Latinx 0.0176 -0.0378 -0.0101 
  (0.0323) (0.0243) (0.0414) 
 Native American 0.0615* -0.00162 0.0410 
  (0.0316) (0.0243) (0.0404) 
 Hawaiian/Pacific 
Islander 
0.00197 -0.0498** -0.0155 
  (0.0322) (0.0241) (0.0389) 
 (omitted) 
White/Caucasian 
0.0497 -0.0103 0.00142 
  (0.0326) (0.0248) (0.0411) 
Location of 
residence 
AL - - - 
     
 CA -0.0472* 0.0604*** 0.0768** 
  (0.0287) (0.0215) (0.0373) 
 IL -0.0293 0.00733 0.0114 
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  (0.0310) (0.0234) (0.0388) 
 MA 0.0109 0.0780*** 0.0823** 
  (0.0287) (0.0218) (0.0370) 
 OR -0.0107 0.0237 0.0401 
  (0.0293) (0.0219) (0.0366) 
 (omitted) TX - - - 
     
     
 Observations 2,790 4,750 1,700 
Standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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1.7 Table 5. Comparing marginal effects among cohorts divided by perceptions of 
representation by the federal government. 
VARIABLES for profiles (1) (2) (3) 
 Low  Medium  High  
     
Age 25 years -0.286* -0.0814*** -0.266* 
  (0.146) (0.0249) (0.159) 
 35 years -0.267* -0.0136 -0.145 
  (0.146) (0.0249) (0.161) 
 45 years -0.242* -0.0242 -0.154 
  (0.146) (0.0247) (0.160) 
 55 years -0.221 0.00989 -0.143 
  (0.146) (0.0246) (0.160) 
 65 years -0.218  -0.109 
  (0.146)  (0.160) 
Assistance 
desired 
EITC -0.0220 0.00409 0.00778 
  (0.0291) (0.0307) (0.0460) 
 Medicaid 0.0623** 0.0714*** 0.0142 
  (0.0268) (0.0272) (0.0428) 
 SNAP 0.0828*** 0.0732*** -0.0162 
  (0.0273) (0.0282) (0.0423) 
 Section 8 
voucher 
0.0605** 0.0815*** -0.0427 
  (0.0270) (0.0270) (0.0427) 
 TANF 0.0953*** 0.0891*** -0.0148 
  (0.0267) (0.0268) (0.0423) 
 (omitted) 
Unemployment 
insurance 
- - - 
     
Circumstance 
surrounding 
need 
Recipient needs 
to take care of 
young children 
0.263*** 0.191*** 0.182*** 
  (0.0130) (0.0146) (0.0232) 
 (omitted) - - - 
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Recipient is 
unemployed 
     
Gender Female 0.0738*** 0.0845*** 0.0271 
  (0.0152) (0.0155) (0.0248) 
 (omitted) Male - - - 
     
Marital Status Divorced 0.0276 0.00640 0.0142 
  (0.0219) (0.0224) (0.0361) 
 Married 0.0137 -0.0135 -0.0139 
  (0.0219) (0.0224) (0.0349) 
 Separated 0.00389 -0.000806 0.0229 
  (0.0217) (0.0226) (0.0349) 
 (omitted) Never 
married 
- - - 
     
Race/ethnicity Black/African 
American 
-0.0422 -0.0517* 0.0541 
  (0.0273) (0.0272) (0.0425) 
 Hispanic/Latinx -0.0378 -0.0266 0.0452 
  (0.0272) (0.0271) (0.0426) 
 Native 
American 
0.0158 0.00642 0.0887** 
  (0.0267) (0.0270) (0.0429) 
 Hawaiian/Pacifi
c Islander 
-0.0358 -0.0341 -0.0239 
  (0.0267) (0.0268) (0.0431) 
 (omitted) 
White/Caucasia
n 
-0.00396 0.0203 0.0452 
  (0.0276) (0.0277) (0.0431) 
Location of 
residence 
AL - - - 
     
 CA 0.0460* 0.00589 0.0151 
  (0.0238) (0.0248) (0.0388) 
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 IL -0.00146 -0.0205 0.0186 
  (0.0257) (0.0268) (0.0406) 
 MA 0.0952*** -0.00159 0.0845** 
  (0.0239) (0.0250) (0.0386) 
 OR 0.0243 -0.00354 0.0109 
  (0.0239) (0.0251) (0.0394) 
 (omitted) TX - - - 
     
     
 Observations 3,840 3,830 1,560 
Standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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1.8 Table 6. Comparing marginal effects among cohorts divided by gender. 
VARIABLES for profiles (1) (2) 
Female Male 
    
Age 25 years -0.276* -0.251* 
  (0.147) (0.152) 
 35 years -0.200 -0.207 
  (0.147) (0.152) 
 45 years -0.172 -0.220 
  (0.147) (0.152) 
 55 years -0.166 -0.187 
  (0.147) (0.152) 
 65 years -0.147 -0.185 
  (0.147) (0.152) 
Assistance 
desired 
EITC -0.0215 -0.0348 
  (0.0260) (0.0237) 
 Medicaid 0.0452* 0.0610*** 
  (0.0249) (0.0230) 
 SNAP 0.0541** 0.0736*** 
  (0.0253) (0.0236) 
 Section 8 
voucher 
0.0200 0.0664*** 
  (0.0253) (0.0228) 
 TANF 0.0691*** 0.0793*** 
  (0.0246) (0.0229) 
 (omitted) 
Unemployment 
insurance 
- - 
    
Circumstance 
surrounding 
need 
Recipient needs 
to take care of 
young children 
0.244*** 0.204*** 
  (0.0126) (0.0121) 
 (omitted) 
Recipient is 
- - 
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unemployed 
    
Gender Female 0.0845*** 0.0569*** 
  (0.0142) (0.0132) 
 (omitted) Male - - 
    
Marital Status Divorced 0.0340* 0.00296 
  (0.0204) (0.0190) 
 Married -0.0271 0.0221 
  (0.0203) (0.0190) 
 Separated -0.00100 0.00940 
  (0.0205) (0.0189) 
 (omitted) Never 
married 
- - 
    
Race/ethnicity Black/African 
American 
0.0447** 0.00272 
  (0.0225) (0.0207) 
 Hispanic/Latinx -0.0220 -0.0131 
  (0.0231) (0.0209) 
 Native 
American 
0.0720*** 0.0496** 
  (0.0224) (0.0209) 
 Hawaiian/Pacifi
c Islander 
0.0316 0.00153 
  (0.0228) (0.0208) 
 (omitted) 
White/Caucasia
n 
- - 
    
Location of 
residence 
AL -0.0786*** 0.0156 
  (0.0254) (0.0229) 
 CA -0.0546** 0.0167 
  (0.0253) (0.0229) 
 IL -0.0129 0.0567** 
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  (0.0249) (0.0229) 
 MA -0.0527** -0.00144 
  (0.0252) (0.0224) 
 OR -0.000147 0.0228 
  (0.0256) (0.0233) 
 (omitted) TX - - 
    
 Observations 4,410 5,390 
Standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
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